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Premature mortality has been proposed
as an important measure to guide health policy.
According to a report issued by the US Gen-
eral Accounting Office in 1996, "premature
mortality is the best single proxy for reflecting
differences in the health status of states' popu-
lations.?'"l2) Increased life span, the corollary
ofpotential mortality, was the first goal set for
the nation in Healthy People 2000.2 Years of
potential life lost was the measure used in
1995 revisions ofHealthy People 20003 and in
draft objectives for Healthy People 2010' to
describe disparities among states and selected
populations. This measure is seldom used,
however, as a guide for policy-making at the
state or local level. We calculated years of
potential life lost to measure premature mor-
tality at the county level and to indicate where
health is poorest in the United States. Using a
multiple regression model, we then explored
effects of socioeconomic and health resource
factors on premature mortality.
Although medical advances are com-
monly believed to be responsible for improve-
ments in health and life expectancy in the
United States during the past century, many
studies have established strong associations
between socioeconomic factors and death
rates.i20 We considered socioeconomic factors
to explore why death comes early. Although we
included variables for hospital and physician
availability, our statistical model shows how
attributes of community structure and area
explain variation in premature mortality.
Methods
Measurement ofDependent Variable
Age-adjusted years of potential life lost
were calculated for 3073 counties in 49 ofthe
50 states in the United States. Alaska and 8
counties in other states were excluded
because of missing data. We measured pre-
mature mortality as life-years lost before 75
years of age. We used 75 years because it
approximates current life expectancy in the
United States and gives weight to deaths from
chronic disease occurring in later life. This
age point became a national benchmark with
the midcourse revisions of Healthy People
20003 and is an appropriate metric for gaug-
ing the efficacy ofprimary medical care.
We used mortality data from the Area
Resource File, compiled by the Bureau of
Health Professions.21 Death certificates, from
which these data were taken, conventionally
attribute death according to decedent's county
ofresidence.
Years of life lost before 75 years of age
was calculated for each county by dividing
the 3-year average number of deaths for the
years 1990 to 1992 in each age group by a
factor to adjust for variation in age structure
and then multiplying by the difference in
years between 75 years of age and the mid-
point of the age group. The adjustment fac-
tors were derived from age-group proportions
ofthe population younger than 75 years in the
1940 Standard Million Population. Years of
life lost for all age groups in each county
were then summed to produce age-adjusted
premature mortality before 75 years of age
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for the county and aggregations of interest.
Years of potential life lost before age 75 was
expressed as a rate per 10 000 population
younger than 75 years. MapInfo 5.0 (Map-
Info Corp, Troy, NY) was used to map pre-
mature mortality.
Unit ofAnalysis
The county was the unit of analysis.
Counties were classified as metropolitan,
urban, or rural by collapsing the 10 categories
of the 1995 US Department of Agriculture
Rural-Urban Continuum Codes. This classifi-
cation produced 816 metropolitan counties,
852 urban counties, and 1405 rural counties.
Model
Multiple regression was used to assess the
effects of independent variables on premature
mortality. The field model of Evans and Stod-
dart was used as a theoretical guide for the
analysis.223 In our model (Figure 1), we posited
that both social environment and availability
of health services affect premature mortality.
Others have used age, race, income, and
education as socioeconomic factors in such
studies. Our expanded model included
chronic unemployment, vacant housing, local
government spending, and local welfare
spending as community structure variables.
We also included the proportion of family
households headed by women with children
(no spouse present) as an indicator of com-
munity structure. Twenty-three percent of
children younger than 18 years live in
female-headed households in the United
States (16 million). This proportion has more
than doubled since 1970.24
The model suggests that health service
and community structure variables affect the
young and old in different ways. Health ser-
vice variables are most likely to affect mortal-
ity among older people, and community
structure variables are most likely to affect
mortality among younger people. Children
living in female-headed households are 5
times more likely to be poor than those living
with both parents.25 Half of these children
live in poverty,25 and they are much more
likely to die young.26
Regression Analysis
Years of potential life lost before 75
years of age was regressed on sequentially
expanded models of the independent vari-
ables thought to be associated with prema-
ture mortality. In the first stage ofthe model,
we used 6 independent variables typically
employed in similar studies to predict pre-
mature mortality. In the second stage, we
expanded the model by adding specific
racial minority groups as independent vari-
ables, dichotomizing physicians as special-
ists or generalists, and introducing 4 more
socioeconomic variables. White population
percentage was excluded in the expanded
model for simplicity and to minimize
collinearity. In the third stage, we introduced
synthetic variables to explore interactions of
2 variables contributing most to explanation
in the model. We then used the stage 3 model
separately for the metropolitan, urban, and
rural classifications of counties. Finally, we
used 2-way analysis of variance to discern
how the variables interact to predict prema-
ture mortality.
Measurement ofIndependent Variables
To measure the impact of availability of
medical care, we considered, as have others,
number of hospital beds and physicians. Ear-
lier studies found unexpected positive rela-
tionships between mortality and the availabil-
ity of health care resources (i.e., areas with
more hospital beds and physicians are likely
to have higher mortality rates).57'10'19 Recent
studies, however, have suggested an associa-
tion between availability of primary care
physicians and lower mortality.27-29 In this
study, we considered availability of all active
physicians in a county, as well as the avail-
ability of generalist and specialist physicians
separately. Generalists were defined as those
involved in general practice, family practice,
general internal medicine, and pediatrics.
Availability in terms of all 3 variables was
measured as physicians per 10000 popula-
tion. Availability of hospital care was defined
as beds per 10000 population. Data for all
health service variables are for the year 1990.
Although premature mortality was age
adjusted, we suspected that age structure
might have an independent effect; therefore,
we included percentage of county population
older than 65 years in 1990 as a control vari-
able. Race was defined as percentage of
county population in each race category in
1990. To measure historical effects of com-
munity structure factors on premature mor-
tality, we used 1980 data or averaged data
from previous years. For the education vari-
able, we used the proportion of the county's
population that was 25 years or older and had
fewer than 9 years of education in 1980.
Income reflected the average of per
capita income in the county in 1980 and
1990. Chronic unemployment rates were the
averages of rates for 1975, 1980, 1985, and
1990. Vacant housing reflected the average
percentage ofhouses reported vacant in 1980
and 1990. Local government spending and
local welfare spending were averages of per
capita spending in 1977, 1982, and 1987. The
proportion of family households headed by
women with children (no spouse present)
was the average of 1980 and 1990. Data were
derived from either the Area Resource File2'
or USA Counties 1996.30
Because these data represented virtually
all counties in the country, the probability of
drawing an incorrect conclusion was not a
statistical issue. Values for statistical sig-
nificance may be of interest to readers in
gauging effect size, but we used a standard-
ized partial regression coefficient (3) of
.05 or greater as a threshold for substantive
significance. For each multiple regression
procedure, all independent variables were
entered in a single step.
To discern interactions ofother indepen-
dent variables with percentage of households
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FIGURE 1-Model of factors predicting premature mortality for multiple
regression analysis.
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headed by women, we constructed interac-
tion terms by multiplying the difference
between observed values and respective
means of each variable in the term.3' Vari-
ables with interaction effects greater than our
threshold for a substantial effect were
retained in the expanded model. Two-way
analysis of variance was then used to specify
interaction effects while restricting the analy-
sis to sets of 2 independent variables. Values
for these variables were recoded into 3 equal
categories: high, medium, and low.
Results
Table 1 shows descriptive statistics for
the dependent and independent variables
for all counties and those classified as met-
ropolitan, urban, and rural. With 1991 as
the midpoint of the 3-year average, the pre-
mature mortality rate for all counties was
869.8 per 10000 population. The rate for
rural counties was the highest (890.8).
Premature mortality rates for the urban
(868.6) and metropolitan (867.5) counties
were virtually equal. The average rate was
highest in urban areas (897.9) and lowest in
metropolitan areas (825.9).
The map ofyears ofpotential life lost by
county (Figure 2) revealed a marked concen-
tration of premature death in the Southeast
and Southwest, as well as wide variation
across rural counties.
The variables that defined community
structure and health service resources varied
by geographic area. Metropolitan areas had
higher income per capita, more educated citi-
zens, fewer elderly residents, and more doc-
tors per person than the other areas (Table 1).
The percentage of family households headed
by women was highest in metropolitan areas
(7.7%) and lowest in rural counties (5.9%).
There was little difference in local govern-
ment spending per capita but a great differ-
ence in local spending for public welfare.
Metropolitan counties spent almost twice as
much as rural counties on public welfare.
More ofthe housing stock was vacant in rural
areas, and residents ofsuch areas were oldest,
poorest, and least educated. Furthermore,
rural areas had the fewest physicians per per-
son. Unemployment rates were similar (7%
to 8%) across county types.
Table 2 presents results ofthe sequential
multiple regression models. The first column
(stage 1) features the independent variables
included in the "classic" model to explain
mortality. This simple model explained 44%
of the variation in premature mortality across
counties. The strongest effect in the first
stage was that of racial composition of the
population (I = -0.50). The higher the per-
centage of White population in the county,
the lower the years of potential life lost. The
next strongest predictor was per capita
income (o = -0.20). Counties with a greater
percentage of adults at low education levels
had more premature mortality (p = 0.18). As
suspected, higher percentage of elderly peo-
ple had a positive but small relationship to
premature mortality (, = 0.05). Relative
availability of hospital beds had no relation-
ship to premature mortality, but number of
physicians per 10000 population exhibited a
modest direct relationship with mortality
(, = 0.1 1). This relationship was contrary to
the supposition that greater availability of
doctors is associated with longer lives, but it
is consistent with previous studies.
The expanded model (Stage 2) had con-
siderably more explanatory power (R2 = 0.54).
With expanded racial categories and other
community structure factors added, the
income effect disappeared, but the effects
of low education and elderly proportion were
enhanced slightly. Proportions of Black popu-
lation and American Indian population had
pronounced effects on premature mortality
( = 0.25 and , = 0.18, respectively). As in the
previous stage, the effect ofhospital bed avail-
ability was not substantial, but an interesting
effect ofphysician specialty appeared.
The inverse coefficient for availability
of specialist physicians (, = -0.12) suggested
a beneficial association with premature mor-
tality, but the coefficient for primary care
physicians (generalists) did not. A single
community structure variable, unemploy-
ment, explained about as much variation in
premature mortality as either measure of
physician availability. Two community
structure variables, local government spend-
ing (B= -0.07) and local welfare spending
(, = -0.05), were inversely related to prema-
ture mortality. The variable exhibiting the
largest effect on premature mortality in this
stage was percentage of family households
headed by single women (3 = 0.36).
In stage 3, modest interactions were
found between proportion of female-headed
households and 3 other community structure
variables (percentage of Black population,
percentage of American Indian population,
and chronic unemployment). Two-way
analysis of variance (data not shown) estab-
lished that higher mean rates of premature
mortality occurred in counties with higher
proportions of female-headed households in
all 3 categories (high, medium, or low) of
each of the other interacting variables.
Although possibly an anomaly, mean prema-
ture mortality was highest in the interaction
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TABLE 1-Descriptive Statistics: US Counties
Metropolitan Urban Rural
All Counties Counties Counties Counties
(n = 3073), (n = 816), (n = 852), (n = 1405),
Mean (SD) Mean (SD) Mean (SD) Mean (SD)
YPLL-75 862.8 (261.3) 825.9 (185.6) 897.9 (213.1) 862.9 (313.4)
Age over65y 15.0 (4.3) 12.1 (3.5) 14.9 (3.4) 16.7 (4.4)
Per capita income, $ 11 424 (2497) 13204 (2754) 10950 (1 676) 10678 (2236)
Low education, % 24.5 (10.2) 19.2 (7.7) 25.0 (9.1) 27.3 (10.8)
Race, %
White 87.5 (15.4) 86.1 (13.0) 86.1 (15.9) 89.1 (16.2)
Black 8.6 (14.3) 9.8 (11.9) 9.6 (14.9) 7.2 (15.2)
Hispanic 4.5 (11.2) 4.9 (9.8) 5.0 (12.4) 4.0 (11.1)
American Indian 1.4 (5.8) 0.6 (1.6) 1.5 (5.9) 1.9 (7.2)
Asian/Pacific Islander 0.7 (2.5) 1.4 (3.0) 0.7 (3.5) 0.2 (0.3)
Female households, % 6.7 (2.8) 7.7 (2.7) 7.0 (2.4) 5.9 (2.9)
Unemployment, % 7.4 (2.9) 7.0 (2.0) 8.0 (2.8) 7.4 (3.4)
Vacant housing, % 14.1 (9.9) 8.9 (5.7) 13.0 (7.6) 17.9 (11.4)
Local government spending
per capita, $ 994.8 (399.4) 986.0 (399.2) 939.6 (300.7) 1 033.3 (445.3)
Local welfare spending per
capita, $ 27.5 (54.2) 38.4 (76.3) 26.4 (45.1) 21.7 (41.4)
Hospital beds per 10 000
population 39.7 (39.4) 33.6 (25.1) 37.6 (27.7) 44.4 (50.2)
Physicians per 10000 population
All active physicians 9.0 (8.7) 14.8 (13.0) 8.5 (5.6) 5.9 (4.5)
Generalists 4.4 (2.7) 5.4 (3.5) 4.3 (1.8) 3.9 (2.5)
Specialists 4.0 (6.0) 8.3 (8.8) 3.6 (4.0) 1.7 (2.6)
Note. YPLL-75 = years of potential life lost before age 75. Aggregate YPLL-75 values were
as follows: all counties, 869.8; metropolitan counties, 867.5; urban counties, 868.6; and
rural counties, 890.8.
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in which American Indian proportion was
low and proportion of female-headed house-
holds was high. All of the interactions were
consistent across geography.
Next, the expanded model was applied
to each of the 3 geographic groupings of
counties. The model had the greatest predic-
tive power for metropolitan counties, explain-
ing more than two thirds of the variation
(RJ2 = 0.71). It was least effective for the rural
counties but still explained more than half of
the variation. Female-headed household
remained a strong predictor across all 3 clas-
sifications of counties. In the stage 3 model
used for metropolitan counties, the main
effect of female-headed household (, = 0.36)
was the strongest predictor, followed by low
education (f = 0.32) and percentage of Black
population (3 = 0.30). Vacant housing had a
substantial effect (p = 0.16). The association
ofprimary care with premature mortality was
inverse (I = -0.10). The coefficient for spe-
cialists did not exceed our statistical effect
threshold. The interactions of proportion of
Black population and proportion of Ameri-
can Indian population with proportion of
female-headed households were substantial.
The stage 3 model was also strong in
terms of explaining variation in premature
mortality among urban counties (R2 = 0.69).
The main effect ofpercentage ofBlack popu-
lation provided the best single explanation
(p = 0.45), followed by proportion of female-
headed households (p = 0.32) and low educa-
tion (,3 = 0.21). However, welfare spending,
unemployment, vacant housing, elderly pop-
ulation, and percentage ofAmerican Indian
population also contributed to the explana-
tion. The effect ofphysician availability (both
specialties) was in the desired direction but
short of our arbitrary threshold for a substan-
tive effect. A modest interaction effect
involving unemployment and female-headed
household was evident for urban counties.
In rural counties, the main effects of
proportion of female-headed households and
percentage of Black population continued to
be the strongest predictors (, = 0.38 and
, = 0.26, respectively). The low education,
American Indian population, and unemploy-
ment variables contributed, as did availability
of physicians. The moderating effect of wel-
fare spending seen in the urban model was
also suggested in rural counties. The direc-
tion of effect of specialty in the rural counties
was opposite that indicated in metropolitan
counties.
Discussion
This study reveals curious and com-
pelling relationships not previously consid-
ered. We found that there were slightly more
years of life lost in rural areas than in urban
or metropolitan areas but that southeastern
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Years of Potential Life Lost
Age Adjusted (see note)
7] 0.00 to 658.62 (567)
II 658.62 to 759.09 (510)
* 759.09 to 848.04 (507)
* 848.04 to 942.24 (493)
* 942.24 to 1,086.54 (462)
* 1,086.54 to 2,792.91 (524)
Sources. Area Resource File (Washington, DC: Bureau of Health Professions, Office of Research and Planning; 1996) and USA
Counties 1996 ([CD-ROM]. Washington, DC: US Bureau of the Census; 1996).
Note. Values were age adjusted (to the 1940 US Standard Million Population) per 10 000 population under 75 years of age. The total
number of counties used in the calculations was 3073; 3063 are portrayed in this map. Classification categories were based on the
equal count of the crude US premature mortality rate.
FIGURE 2-Years of potential life lost, by county: 1990-1992 average.
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TABLE 2-Prediction of Age-Adjusted Years of Potential Life Lost Before Age 75 by Sequentially Expanded Models
Standardized Regression Coefficient (I8)
Independent Variable Stage 1 Stage 2 Stage 3 Metropolitan Urban Rural
Age over 65 0.05*** 0.08*** 0. 1 *** 0.06* 0.1 9*** 0.06*
Per capita income -0.20*** 0.00 0.00 0.02 -0.02 0.01
Low education 0.18*** 0.21*** 0.21 0.32*** 0.21*** 0.14***
Race proportion
White -0.50***
... ... ... ... ...
Black ... 0.25*** 0.31 0.30*** 0.45*** 0.26***
Hispanic ... -0.02 -0.01 -0.01 -0.03 -0.01
American Indian ... 0.18*** 0.13*** 0.04 0.19*** 0.13***
Asian/Pacific Islander ... 0.00 0.00 0.05* 0.01 -0.03
Female households ... 0.36*** 0.38*** 0.36*** 0.32*** 0.38***
Unemployment ... 0. 13*** 0. 12*** 0.09** 0. 14*** 0.13***
Vacant housing ... 0.04** 0.03* 0.16*** 0.09*** 0.00
Local government spending ... -0.07*** -0.03 0.00 0.04 -0.06*
Local welfare spending ... -0.05*** -0.07*** -0.01 -0.13*** -0.10***
Hospital beds 0.02 0.02 0.03* 0.09* 0.03 0.04
Physicians 0.11*** ... ... ... ... ...
Generalists ... 0.1 1*0.11 -0.10 -0.05 0.13***
Specialists ... -0.12*** -0.14*** 0.03 -0.05 -0.09
Female households x Black ... ... -0.05* 0.19*** -0.06 -0.12**
Female households x American Indian ... ... 0.08*** 0.10** -0.03 0.07*
Female households x Unemployment ... ... -0.12*** -0.02 -0.1 3*** -0.1 0**
R2 0.44 0.54 0.55 0.71 0.69 0.52
F 394.8*** 226.3*** 201 .4*** 102.6*** 98.1*** 79.6***
No. 3073 3073 3073 816 852 1405
* P < .05; ** P < .01; *** P < .001.
and southwestern states bear a disproportion-
ate share of this burden. We also found con-
siderable variation by area in the strength of
explanation provided by community struc-
ture variables.
The relative contributions of low educa-
tion, percentage of American Indian popula-
tion, chronic unemployment, vacant housing,
and local welfare spending varied markedly,
but the predictive power of larger Black pop-
ulations held across geographic groupings.
The strong association between proportion of
female-headed households and premature
mortality also held across the metropolitan/
urban/rural continuum. There were modest to
strong interactions as well. In metropolitan
and rural counties with high proportions of
Black population and female-headed house-
holds, the interaction predicted additional
premature mortality. Chronic unemployment
was a predictor, not only by itself but also in
combination with high proportion of female-
headed households, particularly in urban and
rural counties. Perhaps community structure
provides more social cohesion or collective
efficacy in metropolitan areas,32 which ame-
liorates trends toward increasing mortality.33
The substantial associations of the commu-
nity structure variables with premature mor-
tality certainly require further examination.
Greater availability of physicians
showed little statistical association with
longer life. In the classic model, with physi-
cians undifferentiated by specialty, the small
effect was not in the desired direction. In the
expanded model for the United States in the
aggregate, the statistical association of spe-
cialist availability with premature mortality
was in the expected direction and was sub-
stantive. The association shown for general-
ists was in the expected direction and sub-
stantive for metropolitan counties; for the
rural counties, it was positive. These findings
also require further examination.
Why does the presence of specialists
contribute to longer life in rural but not met-
ropolitan areas? It is possible that a critical
mass of medical as well as social infrastruc-
ture in metropolitan areas contributes to
longer life. There may be a better organized
array of health resources in which the gener-
alist works effectively, whereas in rural areas
the generalist's contribution may not com-
pensate for inadequate resources and dispro-
portionate severity of disease. Current rec-
ommendations include increasing the
percentage of physicians trained as general-
ists to 50%,3437 doubling the current propor-
tion of generalists, and distributing these
physicians more equally to rural areas.38
Skeptics may ask whether greater availability
of medical care will make much difference in
the health of communities. Our analysis
showed little relationship.
This inquiry has a number of limita-
tions. The first is ecological. Our approach
captured the sociodemographic characteris-
tics of 248 million people in 3073 counties.
We assumed homogeneity in socioeconomic
status and resource characteristics within
each county. Characteristics of individuals,
their access to care, and age at death were not
linked. A second important limitation is that
the variable describing female-headed house-
hold did not account for the age, race, or mar-
ital status of the female head of household.
Children ofnever-married mothers live in cir-
cumstances much different from those of
children living with divorced mothers.39 We
also acknowledge that the health service vari-
ables did not describe other important aspects
of a county's health system. Another impor-
tant limitation is the use of race classifica-
tions. We wonder, as do others, whether or
not race actually measures anything impor-
tant.4042 Data on social class would be more
useful but are not available.
Conclusions
We found that premature mortality is a
practical metric for comparing health status
of counties. Race and education were con-furmed as strong predictors of early death, but
we found that chronic unemployment also
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predicts premature mortality at the county
level. Geography is a factor, but there is con-
siderable variation in how strongly community
structure variables predict premature mortal-
ity. We have shown how important a single
factor, female-headed household, is in pre-
dicting aggregate life span in a population.
The associations are compelling. Premature
mortality correlates with and is well pre-
dicted by community structure. Proportion of
female-headed households could be a sum-
mary indicator of that pathology.
As federal and state policymakers seek
to improve health, they should consider
whether resources might not be better spent
on programs to reduce social pathology
(e.g., education, job training, economic
development, and adolescent pregnancy
prevention) instead of on more medical
care. Social policy can diminish, cause, or
exacerbate the social factors that underlie
illness as we choose or choose not to
encourage family integrity, improve educa-
tion and economic equality, discourage teen
pregnancy, and so forth. Rudolf Virchow,
the father of modern pathology, stated 150
years ago that "medicine is a social science,
and politics is nothing more than medicine
on a large scale."43 For physicians and other
health providers, the data we present
strongly suggest that more attention should
be given to the social components of the
biopsychosocial model. Physicians and oth-
ers should leam how to become more effec-
tive in health promotion and prevention to
encourage patients to change behaviors.
They might also become advocates for
social and political interventions beyond the
medical model. Z
Contributors
C. J. Mansfield contributed to study conception and
design, data analysis and interpretation, and writ-
ing the first draft of the paper. J. L. Wilson con-
tributed to study design and data analysis and inter-
pretation. E. J. Kobrinski contributed to study
conception and design and data interpretation.
J. Mitchell contributed to data analysis and inter-
pretation. All authors revised the article and
approved the final version.
Acknowledgments
We thank Jerri R. Harris, MPH, for her helpful edi-
torial advice and the reviewers for their many con-
structive suggestions.
References
1. Fastrup J, Vinkenes M, O'Dell M. Public
Health: A Health Status Indicatorfor Targeting
Federal Aid to States. Washington, DC: US
General Accounting Office; 1996.
2. Healthy People 2000. National Health Promo-
tion and Disease Prevention Objectives.
Washington, DC: US Dept of Health and
Human Services; 1991. DHHS publication
PHS 91-502 12.
3. Healthy People 2000. Midcourse Review and
1995 Revisions. Washington, DC: US Dept of
Health and Human Services; 1995.
4. Healthy People 2010 Objectives: Drajifor Pub-
lic Comnment. Washington, DC: US Dept of
Health and Human Services; 1998.
5. Hamilton CH. Ecological and social factors in
mortality variation. Eugenics Q. 1955;2:212-223.
6. Antonovsky A. Social class, life expectancy and
overall mortality. Milbank Q. 1967;35:31-73.
7. Auster R, Leveson I, Sarachek D. The produc-
tion of health: an exploratory study. J Hum
Resources. 1969;4:41 1-436.
8. Kitagawa EM, Hauser P. Differential Mortality
in the United States: A Study ofSocioeconomic
Epidemiology. Cambridge, Mass: Harvard Uni-
versity Press; 1973.
9. Fuchs VR. Who Shall Live? Health, Economics
and Social Choice. New York, NY: Basic
Books; 1974.
10. Newhouse JP, Friedlander LJ. The relationship
between medical resources and measures of
health: some additional evidence. J Hum
Resources. 1979;1 5:200-218.
11. Department of Health and Social Security
Working Group on Inequalities in Health.
Inequalities in Health. London, England: Dept
of Health and Social Security; 1980.
12. Marmot MG. Social inequalities in mortality:
the social environment. In: Wilkinson RG, ed.
Class and Health: Research and Longitudinal
Data. London, England: Tavistock; 1986:
21-33.
13. Marmot MG, Kogevinas M, Elston MA.
Social/economic status and disease. Annu Rev
Public Health. 1987;8:111-135.
14. Feldman JJ, Makuc DM, Kleinman JC, Comoni-
Huntley J. National trends in educational differen-
tials in mortality. Am JEpidemiol. 1989;129:
919-933.
15. Duleep HO. Measuring socioeconomic mortal-
ity differentials over time. Demography.
1989;262:345-35 1.
16. Davey Smith G, Bartley M, Blane D. The Black
report on socioeconomic inequalities in health
10 years on. BM. 1990;301:373-377.
17. Pappas G, Queen S, Hadden W, Fisher G. The
increasing disparity in mortality between socio-
economic groups in the United States, 1960
and 1986. N Engl J Med. 1993;329:103-109.
18. House JS, Lepkowski JM, Kinney AM, Mero
RP, Kessler RC, Herzog AR. The social stratifi-
cation of aging and health. J Health Soc Behav.
1994;35:213-234.
19. Bird ST, Bauman KE. The relationship between
structural and health services variables and
state-level infant mortality in the United States.
Am J Public Health. 1995;85:26-29.
20. Evans RG, Barer ML, Marmor TR, eds. Why
Are Some People Healthy and Others Not? The
Determinants ofHealth in Populations. New
York, NY: Aldine de Gruyter; 1994.
21. Area Resource File. Washington, DC: Bureau
of Health Professions, Office of Research and
Planning; 1996.
22. Evans RG, Stoddart GL. Producing health, con-
suming health care. In: Evans RG, Barer ML,
Marmor TR, eds. Why Are Some People
Healthy and Others Not? The Determinants of
Health in Populations. New York: Aldine de
Gruyter; 1994:27-64.
23. Durch JS, Bailey LA, Stoto MA. Improving
Health in the Community: A Role for Perfor-
mance Monitoring. Washington, DC: Institute
of Medicine, Committee on Using Performance
Monitoring to Improve Community Health;
1997.
24. Statistical Abstract of the United States: 1995.
Washington, DC: US Bureau of the Census;
1995.
25. Saluter A. Current Population Reports: Marital
Status and Living Arrangements. Atlanta, Ga:
US Bureau of the Census; 1995.
26. Starfield B. Child and adolescent health status
measures. Future Child. 1992;2(2):25-39.
27. Farmer FL, Stokes CS, Fiser RH, Papini DP.
Poverty, primary care and age-specific mortal-
ity. JRural Health. 1991;7:153-169.
28. Shi L. The relationship between primary care
and life chances. J Health Care Poor Under-
served. 1992;3:321-335.
29. Shi L. Primary care, specialty care, and life
chances. Int J Health Serv. 1994;24:431-458.
30. USA Counties 1996 [CD-ROM]. Washington,
DC: US Bureau of the Census; 1996.
31. Finney JW, Mitchell RE, Cronkite RC, Moos R.
Methodological issues in estimating main and
interactive effects: examples of the
coping/social support and stress field. J Health
Soc Behav. 1984;25:85-98.
32. Sampson RJ, Raudenbush SW, Earls F Neigh-
borhoods and violent crime: a multilevel study
of collective efficacy. Science. 1997;277:
918-924.
33. Singh GK, Yu SM. US childhood mortality,
1950 through 1993: trends and socioeconomic
differentials. Am J Public Health. 1996;86:
505-512.
34. Council on Graduate Medical Education.
Improving Access to Health Care Through
Workforce Reform: Directionsfor the 21st Cen-
tury. Washington, DC: US Dept of Health and
Human Services; 1992.
35. American College of Physicians. Rural primary
care. Ann Intern Med. 1995; 122:380-390.
36. Association of American Medical Colleges.
Policy on the generalist physician. Acad Med.
1993;68: 1-6.
37. Pew Health Professions Commission. Primary
Care Workforce 2000. Federal Policy Paper.
San Francisco, Calif: Center for the Health Pro-
fessions, University of California at San Fran-
cisco; 1994.
38. Rivo ML, Henderson TM, Jackson DM. State
legislative strategies to improve supply and dis-
tribution of generalist physicians, 1985 to 1992.
Am JPublic Health. 1995;85:405-407.
39. More obstacles for children living with single
parent who's never been married. Census and
You. January 1997:6-7.
40. Williams DR, Lavisso-Mourey R, Warren RC.
The concept of race and health status. Public
Health Rep. 1994; 109:26-4 1.
41. Fullilove MT. Comment: Abandoning "race" as
a variable in public health research-an idea
whose time has come. Am J Public Health.
1998;88: 1297-1300.
42. Bhopal R, Donaldson L. White, European,
Western, White, or what? Inappropriate label-
ing in research on race, ethnicity, and health.
Am JPublic Health. 1998;88:1303-1307.
43. Virchow R. The charity physician. Medicinishe
Reform. 1848;18:33. In Rather LJ, ed. Rudolf
Virchow, Collected Essays on Public Health
and Epidemiology. Canton MA: Watson Pub-
lishing International; 1985.
June 1999, Vol. 89, No. 6898 American Journal of Public Health
